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Outline 
• Overview:  evidence about impact of defaults 

and demographics on making right choice 
• Background: Fraud case leads to same choice 

under 3 exogenously assigned choice structures 
• Regression Discontinuity:  Poor defaults causes 

60+% of the population to make errors 
• Hazard:  Low SES neighborhoods less 

responsive to enrollment-by-default letters; quit 
more when charged 

• Welfare effects:  Cancellation default saves 
$400+ relative to 2 observed alternatives 

• Conclusion 
 



We observe who makes the 
choice right under 3 structures 

• Exiting is the right choice:  Fraud 
enrolled people in (nearly) useless 
subscriptions that charged until they quit 

• Lawsuit creates exogenous variation in 
defaults and decision structure 
– Enrolled <5 months: Cancellation default 
– Enrolled >5 months: Enrollment default 
 



Direct evidence that bad defaults cause (many) mistakes. 
 

Quit rate before and after transition to cancellation default 
 

 



Demographics interact with decision 
structure when enrollment is the default  

• Observe enrollment as default. When 
people from less wealthy/educated 
neighborhoods get: 
– charges they are more likely to exit  
– letters they are less likely to exit  

• Making cancellation the default could save 
$400 per subscriber 
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Suntasia used deceptive phone 
calls to enroll ~750,000 customers 

• Phone calls: 
– Claimed to represent bank 
– Offered “free” reward 
– Read routing number; asked consumer to 

“verify” their checking account number 
– Enrolled customers in up to 3 subscriptions 

that charged every 30 days until they quit 
– Avg. charges to checking account >$200.   

 
 
 
 

 
 



Almost no one used the firm’s costly products 
 

The firms’ subscriptions 

We drop everyone we see using these subscriptions 
 
 



The subscriptions had no 
apparent option value 

• Buyers club:   
– Can claim rebates after cancelling;  
– Other discounts available general public. 

• 2.2% of long distance customers used 
program; delayed start rare 

• Credit catalog:  implicit interest rate 
~100%/year 

• Cancelling is almost always the right 
choice 
 
 
 
 



Multiple sources quite critical of 
Suntasia 

• Neutral receiver:  “it was difficult to 
understand … what was being offered and 
what was expected of the consumer.” 

• Suntasia marketing study of active 
customers: 35% “did not recall their 
membership...at all” 

• Near record number of complaints 
• FTC sues in summer 2007 
 

 



FTC lawsuit changes decision 
structure 

• Court orders: 
– Put firm under control of a neutral receiver 
– Suspended billing and telemarketing 
– Took seriously the notion that some 

customers wanted to be enrolled 
– Foresaw a resumption of billing 
– Sent letters, exogenously assigned default in 

each letter 
 

 



Subscribers exogenously assigned to make same 
choice one of three ways 

 

 
 

Enrollment letters 

 
 

Checking 
account 
charges 

 
 

Cancellation letters 
$49 
$19 
$  9 

Before Lawsuit After Lawsuit 

Enrolled <= 5 months 

Enrolled > 5 months  
or demonstrable contact 



Exploit exogenous assignment of similarly 
situated people to make same choice 3 ways 

 
 

Checking 
account 
charges 

$49 
$19 
$  9 

Before Lawsuit After Lawsuit 

Regression discontinuity:  
Effects of a change in 

defaults? 

Hazard rate:  
compare relationship 
of demographics and 

action to cancel 

 
 

Enrollment letters 

 
 

Cancellation letters 



Enrollment and cancellation letters were almost identical 
Both 5 paragraphs long; Some skill required to assess and decide 

Enrollment letter 



The crucial enrollment language was in paragraph 3  
 Enrollment letter: 

 



The parallel cancellation language was also in paragraph 3  
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Direct evidence that bad defaults cause (many) mistakes. 
 

Quit rate before and after transition to cancellation default 
 

 



Regression discontinuity regressions confirm 
that default had large impact on exit 
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Lawsuit led to a difference in difference natural experiment by: 
 

 Creating exogenous variation by sending all subscribers 
letters at the same time, regardless of the age of their 

subscription… 
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Lawsuit led to a difference in difference natural experiment by: 
 

 …and creating a comparable cohort that got a charge 
in the same billing month 
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Lawsuit led to a natural experiment by: 
 

and doing this repeatedly, yielding a rolling difference in 
difference identification 
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Descriptive stats:  Charges lead to more exit in low 
SES neighborhoods; enrollment letters to less exit in 

low SES neighborhoods 
 

Differences in exit rate between top and bottom 
quartile of the characteristic, enrolled 6-8 months 

Charges Enrollment letters 
Census Block % 
Homeowner 

-0.014* +0.046* 

Census Block Group % 
High School Drop Out 

+0.012* -0.051* 

Probability African 
American 

+0.005* -0.055* 



This holds over many variables; 1st month and 
6th-8th month were similar 

 



In the more general case month, cohort and treatment 
dummy variables yield the desired identification 
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Econometric model 

• Discrete time hazard rate is a logit. 
• Model all billing cycles before the lawsuit 

plus all enrollment letters. 
• We truncate cancellation letter recipients 

at the time of the lawsuit 
• Coefficients on demographics X = attrition 

while firm operated; on Letter*X = predict 
response to enrollment letters 
 
 
 



Hazard rate model finds the same pattern.  The story comes through in 
several variables; quirks in measurement complicate interpretation 



This leads to a 10-20% difference in predicted 
attrition rates between residents of low SES and 

high SES neighborhoods 



Cancellation default outperforms enrollment default 
with letters and charges by >$400 

 
Counterfactual estimates from hazard rate model  
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Conclusions 

• Simple, direct evidence that bad defaults 
lead to mistakes 

• Providing complex information was less 
helpful to people in lower SES 
neighborhoods 

• Results consistent with high SES 
neighborhoods have better reading skills; 
seeing their marginal dollar as less crucial 



Backup slides 

 



Cancellation: >50% during the costly first month; drops in later 
months until stabilizing at ~10% per month 

Omits people with total charges of $149 in the first period 



Cancellation: >50% during the costly first month; drops in later 
months until stabilizing at ~10% per month 

Omits people with total charges of $149 in the first period 

Much of our insight 
comes from the selected 
sample that reaches 
billing cycles 5-8+ 



Subscribers look fairly similar to US as a whole 
 

Demographics  
Most from Census Block or Block Group 

Race by Last Name and Census Block Group data 
 



 



Data used:   
We use billing, usage, opt-in/opt-out letter, 
geocoded census, and census name data 

• Billing:  date, customer & amount of every 
completed charge and refund; no rationale 

• Usage:  identify and drop some users of two of 
three major programs. 

• Opt-in/opt-out letter:  letter type and response 
for ~100,000 accounts active when FTC sued 

• Census:  We matched: 
– Addresses to census demographics 
– Last names to census racial composition data 
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