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Mr. Robert E. Feldman

Executive Secretary

Attention: Comments
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550 17th Street, NW

Washington, DC 20429

Re  Federd Deposit Insurance Corporation Notice of Proposed Rulemaking, RIN 3064-
ADG66, Assessments, Large Bank Pricing; Assessments, Assessment Base and Rates

Dear Mr. Feldman:

Promontory Interfinancial Network, LLC (“Promontory Interfinanciad™) is submitting this
comment |etter in response to the Notice of Proposed Rulemaking by the Federal Deposit Insurance
Corporation (the“EDIC”) with respect to Assessments, Large Bank Pricing, RIN 3064-AD66 (the
“Notice”). Our comments focus on the proposed treatment of “brokered deposits’ under the Notice
and the related FDIC Notice of Proposed Rulemaking, Assessments, Assessment Base and Rates.

Promontory Interfinancial provides servicesto its depository institution customersto enable
them to attract stable deposits at cost-effective rates. Although Promontory Interfinancia does not
broker deposits, its servicesto financid ingtitutions facilitate the placement of deposits, resulting in
the characterization of these deposits as “brokered deposits’ for purposes of the Notice.*

Promontory Interfinancial isnot atypica deposit broker that markets bank certificates of
deposit to its customers, often on anationwide basis. Rather, Promontory Interfinancid offers
services such as CDARS®, adeposit alocation service which permits banks to market their deposits
primarily to local customers at local market interest rates, and IND®, adeposit sweep service which
permits broker-dealersto place stable customer funds at unaffiliated as well as affiliated banks.

As described below, Promontory Interfinancia believes that the Notice raises significant
concerns that should be addressed by the FDIC as a predicate to the adoption of anew large bank
deposit assessment rule:

Thisis based on the FDIC's definition of “brokered deposits’ at 12 C.F.R. 337.6(a)(2)(1992).
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The rule will make the banking system less safe, not safer, and will put
adrag on the economy at the worst possible time, depressing economic
activity and job growth.

(1) Therule createstherisk that banks will defund by forcing the
movement of hundreds of billions of dollarsin stable broker-
dealer sweep balances from large banks to destinations outside
the banking system, such as money market funds. Thiswould
impair bank funding and pose risks to the recovery of credit
markets.

(2) Therule createstherisk of destabilizing banks by forcing them
to replace funding from highly stable reciproca deposits,
merely because such deposits are labeled “ brokered,” with
funding from highly volatile rate board deposits, merely
because such deposits are labeled “core.” Thiswould increase
the volatility of bank funding and exacerbate attendant failure
risks.

As discussed below, banks with reciprocal deposits placed through
Promontory’s CDARS Reciprocal service (“CDARS Reciproca
Deposits’) have performed better during the financial crisis than banks
without CDARS Reciprocal Deposits.

There is afundamental absence of analytical support for the proposed
rule’ simposition of severe penalties on al of the diverse deposit
products that are labeled “brokered” — including reciprocal deposits for
which the FDIC has without explanation reversed its previous safe
harbor for “Risk Category I” banks.

The lack of analytical support demonstrating a necessary positive
correlation between the risks of bank failure and the use of “brokered”
deposit products does not satisfy administrative rulemaking
reguirements and undermines the FDIC efforts to formulate atruly
risk-based assessment system.
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These concerns take on important significance in the context of a provision of the recently
enacted Dodd-Frank Wall Street Reform and Consumer Protection Act (“Dodd-Frank™) mandating
an FDIC study of the definitions of core deposits and brokered deposits, including with respect to
calculating deposit insurance premiums. Section 1506 of Dodd-Frank requires the FDIC to conduct
astudy to evaluate —

(1) the definition of core deposits for the purpose of caculating the
insurance premiums of banks,

(2) the potentia impact on the Deposit Insurance Fund of revising the
definitions of brokered deposits and core deposits to better
distinguish between them,

(3) an assessment of the differences between core deposits and
brokered deposits and their role in the economy and banking
sector of the United States;

(4) the potentid stimulative effect on local economies of redefining
core deposits; and

(5) the competitive parity between large institutions and community
banks that could result from redefining core deposits.

The FDIC isrequired to report the results of this study to Congress no later than ayear after
Dodd-Frank’ s enactment, including recommendations, if any, to address concernsarisingin
connection with the definitions of “core’ deposits and “brokered” deposits. Because the results of
this study are not yet available, the proposed ruleis not informed by this Congressionaly-mandated
thorough evauation.

Treatment of “Brokered Deposits” under the Notice Poses Risks for the Recovery of Credit
Markets.

The Notice proposes changes in the current deposit insurance assessment system, including
the dimination of “risk categories’ for largeingtitutions. Theserisk categories would be replaced by
a“scorecard” method for determining alarge bank’ sinitial assessment rate. This scorecard method
would determine a“ Performance Score,” which includes the caculation of aratio of “core” deposits
totota liabilities. All deposit products deemed to be “brokered deposits’ are excluded from core
depositsin this caculation. The Notice would aso require the determination of a*“Loss Severity
Score,” which includes the caculation of aratio of “noncore funding” to total ligbilities. “Brokered
deposits’ aretreated as noncore funding for purposes of this calculation.

One important change under the proposed rule based on the eimination of risk categories
would be to subject dl large banks, regardless of risk category, to a*“brokered deposit adjustment,”
which would impose a 25 basis point surcharge on al “brokered deposits’ in excess of 10% of a
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large bank’s domestic deposits.? But in fact, the true penalty that the proposed rule would impose on
“brokered deposits’ exceeding the 10% threshold would be far greater than 25 basis points. Consider
the following example:

Bank X hastotal liabilities of $100 billion. These liabilitiesinclude deposits of $80 hillion,
comprised of $8 hillion in brokered deposits, representing 10% of total deposits, and $72 billionin
core deposits.

Bank Y aso hastotd liabilities of $100 billion and deposits of $30 hillion. The only
differenceistha Bank Y’ s deposits include brokered deposits of $16 billion, representing 20% of
tota deposits, and $64 hillion in core deposits.

Using totd liabilities as aproxy for the assessment base, and keeping Static al other values
provided by the FDIC for its hypothetical “Bank A” examplein the Notice except the ratio of
noncore liabilitiesto tota liabilities, the resulting base assessment rates would be asfollows:

Bank X: 20.04 basis points
Bank Y: 22.58 basis points

The nominal vaue of the pendty added to Bank Y’ s base assessment rate is therefore 1.64
basis points.® This higher base assessment rate applies, however, not merely to the $8 billion by
which Bank Y’ s brokered deposits exceed Bank X’ s brokered deposits, but to Bank Y’'sentire
assessment base of $100 hillion. Accordingly, Bank Y’ s base assessment exceeds Bank X’ s base
assessment by $16.4 million. Thisisequivaent to a 20.5 basis point penaty on the “excess’ $8
billion in brokered deposits.

In addition, because Bank Y’ s brokered deposits represent more than 10% of its domestic
deposits, Bank Y also must pay a brokered deposit adjustment equal to $8 billion multiplied by 25
basis points, or $20 million. Therefore, the total pendty imposed by the rule on Bank Y merely
becauseits brokered deposits are $8 billion greater than Bank X’ s brokered depositsis $36.4 million,
for an effective pendty rate of 45.5 basis points.

At current low interest rates, a45.5 basis point penalty will in some cases actualy double the
cost of the brokered deposits, more than enough to force banks to change their funding strategies by

2 See FDIC Notice of Proposed Rulemaking, RIN 3064-AD66, Assessments, Assessment Base and Rates. As
described in the attached study by Mark J. Flannery, Ph.D., discussed below, the proposed rule would treat large
banks differently from Risk Category | small banks, which would not be subject to the brokered deposit adjustment;
yet the Notice provides no justification for this difference (including no evidence that the effects of brokered
deposits differ between large and small banks).

322.58-20.94=1.64.
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running off “brokered deposits’ and turn instead to aternatives that could increase risksto the
Deposit Insurance Fund.

In addition, the proposed scorecard method includes “brokered deposits’ in calculating both
the Performance Score and the L oss Severity Score. Promontory Interfinancial is attaching a study
authored by Mark J. Fannery, Ph.D., discussed below. In thisstudy, Dr. Flannery notes that because
the product of these two scores determines a banking institution’ sinitial base assessment rate, this
rate rises with the square of noncore liabilities. Dr. Flannery notes that this nonlinear dependenceis
not addressed at al in the Satistical evidence, yet this effect could be quite large. Because even a
smal changein brokered deposits (for example) raises the assessment fee due on the entire
assessment base, this feature of the proposed rule can easily make the margina cost of brokered
deposits extremely large.

The cumulative effect of the measures in the proposed rule pendizing “ brokered deposits’
thus will impact large banks far beyond the 25 basis point surcharge mentioned in the Notice. The
economic impact of this pendty is predictable and is explained in the comment letter by Joseph R.
Mason, Ph.D., Department of Finance, E.J. Ourso School of Business, Louisiana State University.*

AsDr. Mason notes

The FDIC is proposing to substantially increase the incremental
cost of brokered funding by 25% or more in today’ s rate
environment. Unfortunately, that increase is occurring at acrucial
time in the economic recovery when banks are in dire need of
funding to make investments in firms and industries that can create
the economic value that is the basis for growth. Moreover, the
effects hit squarely upon the sector of the deposit funding industry
that can most effectively distinguish those banks in today’s
marketplace that can efficiently intermediate lending in recovering
markets from those that continueto lag. Hence, the FDIC's
brokered deposit assessment will place unnecessary constraints on
U.S. economic growth at acrucia juncture in the recovery with
potentially debilitating effects.

* Among other things, Dr. Mason was a Visiting Scholar at the FDIC from 2005-2007 and at the Federal Reserve
Bank of Philadel phiafrom 2002-2005. He has held the Hermann Moyse, Jr./L ouisiana Bankers Association
Endowed Chair of Banking at Louisiana State University since 2008 and is also a Senior Fellow at the Wharton
Schooal.
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Dr. Mason further notes that brokered deposit services, particularly reciprocal deposits
and sweep deposits, increase market efficiency that is“crucial” to economic recovery by
“bring[ing] depositors together with banks that can best use the funds, socially, systemically, and
economically.” He concludes

While brokered deposit policy can be part of [bank regulatory]
policy ablanket assessment surcharge will almost certainly cut the
wrong way, impeding recovery and growth at precisely the time
when we need funds most efficiently motivated in the U.S.
economy.

The Notice proposes changes that produce precisely the opposite effects from those which Dr.
Mason finds so central to economic recovery:

o faced with the cost consequences of the proposed rule, banks are
likely to turn away from products deemed to be brokered depositsin
favor of sourcing deposits that are not pendized as brokered deposits,
even a higher rates, including the use of Internet rate boards that
compete on the basis of price and direct advertising on the Internet or
elsawhere;

) banks that rai se funds through deposit sweeps from unaffiliated
broker-dealers a so may turn to aternative deposit-raising, including
by attracting deposits through locd branches, increasing deposit
competition and raising the cost of fundsfor al in-market banks,
including smaller community banks, and/or by aggressively raising
deposits a high rates on anationa basis viathe Internet, potentialy
affecting the cost of funds nationwide; and

. funds previoudy swept from broker-ded er accounts to bank deposit
accounts will return to being swept into money market mutua funds
or other fixed income investments — according to Dr. Mason, industry
estimates indicate that broker-dealer customer funds in deposit
accounts at banks through sweep services represent hundreds of
billions of dollars of important bank funding that will be removed
from the banking system and swept into money market mutual
funds.

These consequences are troubling, particularly for effortsto achieve economic recovery,
which Dr. Mason observes may still be along way off. Increasing the cost of funds for banks will
increase the cost of credit for borrowers. Draining liquidity from the banking system will contract
rather than expand credit, as fewer dollars will be available at reasonable prices to make and
refinance loans. The changesin bank liability structures and the disintermediation of funds from
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bank depositswill constrain lending to meet the needs of people and businesses ooking to banks for
relief in struggling credit markets.

The Notice does not address or andyze these issues that are centrd to the foundation for
reasoned decisionmaking,® creating the risk of asignificant mistake at the worst possibletime —
when the national economy remains fragile and recovery isfar from certain after along and deep
dump in bank lending. Before taking such amomentous step, the FDIC should carefully anayze the
implications of the proposed rule both on the banks affected and on macroeconomic concerns for
bank liquidity and credit markets.

The Absence of Analytical Support to Evaluate the Risk Characteristics of Diverse Deposit
Products May Result in Diverting Banks from Lower-Cost and Stable Deposits to Higher-Cost,
Volatile Deposits.

Because the Notice relies on an outdated definition of “brokered deposits’ crafted for avery
different purpose, the Notice would treat a broad category of deposit products as “brokered deposits’
and subject them dl to being pendized under the proposed rule. However, the Notice does not
analyze or quantify therisk or absence of risk associated with diverse deposit products. As aresullt,
deposits that pose higher risks to the Deposit Insurance Fund escape assessment scrutiny and lower
risk products are pendized. Thisincongruous result and the absence of analysis rai ses the prospect
that the rule proposed under the Notice would lack arationa bass.

A key casein point is the treatment of “reciproca deposits’ under the proposed rule. Asone
example, through CDARS”, the Certificate of Deposit Account Registry Service®, Promontory
Interfinancial offers areciproca deposit allocation service that facilitates the exchange of customer
funds among participating banks, with the originating bank setting the rate in itslocal deposit market.
Through the exchange, an institution can retain the benefit of large, local customer deposit
relationships, while providing the customer with access to insurance on large deposit amounts.

CDARS Reciproca Deposits are cost-effective, even when compared to “core”’ deposits.
The mgority of the“large” ingtitutions that have utilized the CDARS service since January 2009, on
average, have priced their CDARS Reciproca Deposits at rates that do not exceed their standard
posted rates for similar maturity certificates of deposit.®

*Under the Administrative Procedure Act (“APA”), any agency action, including informal rulemaking, must be the
product of “reasoned decisionmaking.” Int’'l Bhd. of Teamstersv. U.S., 735 F. 2d 1525, 1531 (D.C. Cir. 1984)
(vacating in part arule promulgated by the Federal Highway Administration changing certain record-keeping
requirements for truck drivers based on alack of adequate explanation for the agency’ s conclusion).

®Based on a comparison of each bank’s CDARS reciprocal rates and their posted CD rates from 1/1/09 through
12/23/10, as reported by RateWatch (a division of Bankers Financial Products Corporation), for the same week and
deposit maturity. 12/23/10 isthe last date of 2010 for which RateWatch has received and published rate data.




Mr. Robert E. Feldman
January 3, 2011

Page 8

Because reciproca deposits do not originate from third-party brokers representing customers
that place deposits based largely on rates, reciproca depositstypically involve loca customers and
enjoy ahigh reinvestment rate, enabling ingtitutions to attract and retain val uable customer
relationships and enhance their liquidity and franchise value. Approximately 85% of CDARS
Reciproca Deposits are made by loca customers (customers that reside within 25 miles of abranch
of the ingtitution originating the deposit),” a percentage that has actually increased during the recent
financia crisis.® With local banking relationships, customers are less likely to move reciproca
depositsto other ingtitutions smply because of changesin rates. Customers of reciproca deposits
aredso lesslikely to switch those deposits to other investments when rates become | ess attractive,
because these customers often have severa accounts with the originating institution and have
specificaly sought out deposit products. In fact, as depicted in the graph below, CDARS Reciprocal
Deposits have historicaly been very “sticky,” even during the financid crisis, with an average
reinvestment rate of 80% over the past two years.”

CDARS Reinvestment Rate During and After the Financial Crisis

. \ — /
N/ N_
NS

Q32008 04 2008 Ql 2009 Q22009 Q32009 04 2009 Ql 2010 Q22010 032010

"Datareflects all CDARS Reciprocal Deposits as of 12/31/10. These data are consistent with previous figures
provided to the FDIC from prior time periods.

8Compare with Comment Letter of Promontory Interfinancial concerning RIN 3064-AD35, submitted to the FDIC
on December 17, 2008, indicating 80% customer proximity percentage, and Comment Letter of Promontory
Interfinancial concerning RIN 3064-AD57, submitted to the FDIC on June 23, 2010, indicating 85% customer
proximity percentage.

°Based on data reflecting CDARS Reciprocal Deposits as of Q3 2010. The data for Q4 2010 are incomplete because
CDARS certificates of deposit do not roll over, so this reinvestment calculation takes into account a 28-day
reinvestment window.
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The FDIC has recognized these positive attributes. The FDIC excluded reciproca deposits
from the calculation of the adjusted brokered deposit financiad measure for Risk Category |
institutions under the 2009 assessment rule, noting that:

The FDIC is persuaded that reciprocal deposits like those
described in the comment letters should not be included in the
adjusted brokered deposit ratio applicable to institutionsin Risk
Category |I. (However, as discussed below, reciprocal deposits will
be included in the brokered deposits adjustment applicable to
ingstitutionsin Risk Categories|l, 11l and IV.) The FDIC
recognizes that reciprocal deposits may be a more stable source of
funding for healthy banks than other types of brokered deposits
and that they may not be as readily used to fund rapid asset
growth.*°

Congstent with this recognition, FDIC examiners are asked “to look at the underlying
relationships and franchise vaue of reciprocal CDARS deposits to determine whether they are, in
fact, core deposits.” ™! That approach involves ng the characteristics of funding sourcesin
terms of stability (“stickiness’), reliability and so forth. Such an evaluation isin sharp contrast to the
FDIC’ s proposed new assessment regime. This contrast is particularly troubling because Congress
hasidentified these issuesin Dodd-Frank and mandated a study and recommendations, which have
not yet been done and which may lead to avery different approach.

The FDIC has not offered any reason, much less supporting anaysis, for reversing its course
with respect to reciproca deposits,™? and we believe the data discussed in this | etter demonstrate that
thereis no support for any such andysis.

Promontory Interfinancial aso offers IND®, adeposit “sweep” service that enables registered
broker-dealers to sweep cash ba ances from the customer’ s brokerage account to deposit accounts

19See 74 FR 9532 (March 4, 2009).

1 Minutes of the Meeting of the Advisory Committee on Community Banking of the Federal Deposit Insurance
Corporation, January 28, 2010, available at http://www.fdic.gov/communitybanking/meetingminsJan2810.pdf .

12See Teamsters, 735 F.2d at 1531 (“[W]hen an agency seeks to change a settled policy, the record must at |east
indicate what led it to make the change.”); see also Motor Vehicle Mfrs. Ass nv. State Farm Mut. Auto. Ins. Co.,
463 U.S. 29, 41-42 (U.S. 1983) (vacating the National Highway Traffic Safety Administration’ s rescission of arule
requiring automatic seatbelts or airbags in all automobiles because the agency was “too quick to dismiss’ the safety
considerations that were the agency’ s statutory mandate); Atchison, Topeka & Santa Fe Railway Co. v. Wichita Bd.
of Trade, 412 U.S. 800, 808 (U.S. 1973) (remanding an order by the Interstate Commerce Commission imposing
new rates for in-transit inspections of grain because the agency had not sufficiently explained its departure from
prior policies, finding that “[w]hatever the ground for the departure from prior norms,...it must be clearly set forth
so that the reviewing court may understand the basis of the agency’ s action and so may judge the consistency of that
action with the agency’ s mandate”).
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with one or more affiliated or unaffiliated receiving banksin amounts within FDIC insurance limits.
These and smilar deposit sweep arrangements are governed by contractua provisions with termsin
most cases of ayear or more that automaticaly renew unless terminated by notice (generaly
requiring at least 180 days advance notice of nonrenewal). These contractstypically set an “dl-in”
cost of funds for receiving banks at rates tied to a spread over adesignated index. A receiving bank
thus achieves a negotiated cost of funds for amounts swept into its deposit accounts. Because such
sweep programs involve millions of brokerage accounts, relative fluctuations in abank’ s deposit
balances are typicdly very smal. Asaresult, the receiving banks achieve generdly very stable
deposit balances.

Thus, reciproca deposits and broker-dealer sweep deposits have important and recognizable
characteristics that distinguish them from the risks of traditional brokered deposits. They permit
cost-effective pricing for banks and they are stable. As Dr. Mason notes in his comment |etter, both
reciprocal deposits and sweep deposits help banks intermediate funds, which isimportant for
economic recovery. Yet, reciproca deposits and sweep deposits would be subject to the same
measures under the proposed rule as very different “brokered” deposits. Among the effects, as
described by Dr. Mason, would be to force medium-sized banks to compete in national funding
markets directly with large firms, perpetuating the “barbell” in bank size distribution and
performance.

Moreover, Internet-based deposit products such as “rate board” deposits are not subject to
being treated as brokered deposits under the proposed assessment rule, even though they result in
highly volatile deposits. Such rate boardslist CD rates for numerous institutions on a nationwide
basis. Customers can (and do) shop for high rates of interest. Thereisno loca customer
relationship, and rate-sensitive customers can (and do) move their depositsto follow better rates.
Banks seeking to attract such deposits pay more. But despite being much more volatile, these
deposits are treated under the rule as “core.”

Separatdly, the FDIC has determined that certain sweep arrangements between abank and an
affiliated broker-deder will not be treated as “brokered deposits.” This determination is based on the
“primary purpose” of the broker-dealer. For example, an affiliated broker-dealer whose primary
purposeis not to provide a deposit-placement service, but rather to facilitate the purchase and sale of
securities by its customers, was not treated as a*“ deposit broker,” and the swept deposits were not
characterized as* brokered deposits,” where certain criteria— unrelated to the stability, cost or other
product characteristics of the deposits—were satisfied.™® Exempting sweep deposits at affiliated
banksis quite reasonable, for the reasons stated. But denying the same exemption to sweep deposits
at unaffiliated banks ignores important facts. For example, sweep programs involving unaffiliated
broker-dealers and governed by contracts of significant duration with locked-in rate structures are
likely to provide at least as much stability as relationships with affiliated banks that are not so
constrained. Thisis particularly true for affiliate rel ationships in which the broker-deder’ s economic

3See FDIC Advisory Opinion 05-02 (February 3, 2005).
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interests dominate within the affiliated group. In addition, receiving banks accepting depositsfrom a
diverse group of broker-dedlers, asin IND, have alower risk of depositor withdrawa srelativeto a
single broker-deder affiliate sweep arrangement in which any perceived risk of the broker-deder’s
instability may trigger customer defections. Finaly, the treatment of &ffiliate sweep programs
ironically affords banks affiliated with broker-ded ers a significant funding advantage relative to
banks without such an affiliation, aresult for which the proposed rule offers no anaysis.

The Noticefailsto analyze the impact of the polar opposite risks posed by the very different
characteristics and performance of stable, but “brokered,” reciprocd deposits and broker-deal er
sweep deposits, on one hand, and volatile, but “core,” deposits such as rate board deposits on the
other hand. Asaresult, and considering the seriousissues identified by Professor Flannery with the
statistica modd, the proposed assessment rule lacks arational basisto support this e ement of what
isrequired to be arisk-based system.

Placing diverse deposit products under the * brokered deposit” umbrella and then treating
them dl the same under the proposed rule with no consideration or analysis of risk does not support
reasoned decisonmaking. A risk-based system, by definition, must evaluate differential product
risks, rather than relying on acommon undifferentiated |abdl.

In this context, the use of the “brokered deposit” 1abel in the Notice precludes atransparent
analysisof risk. Important product characteristics— such as volatility, high rate features, local
depositor relationships, maturity and franchise value — have not been considered or andyzed. The
implications of these omissions for assessing the FDIC’ srisk are fundamental. Faced with economic
disincentives to accept deposits labeled as “brokered,” including reciproca deposits and sweep
deposits, banks are likely to turn to other deposit sources with greater volatility and higher cost, and
funds previoudy swept to bank deposit accounts will leave the banking system for money market or
other fixed-income products.

Effects of the Proposed Rule on the U.S. Banking System

Deposits Destination Effect on the Banking System
Broker-Deder Sweeps Money Market Funds Defund the Banking System
Sable ' Not Bank Deposits

Reciprocd Deposits Rate Board Deposits Destabilize the Banking System
Sable Volatile
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A Lack of Analysis Demonstrating a Positive Correlation between the Risk of Bank Failure
and the Use of Certain “Non-Core” Deposit Products Undermines the FDIC’s Efforts to
Formulate a Risk-Based Assessment System.

The FDIC Act requires the deposit insurance system to be risk-based, and in thefirst instance
to be based on an ingtitution’ s probability of causing alossto the Deposit Insurance Fund. Y et the
FDIC has not provided any andysisthat linksthe risk of bank failure to the use of various deposit
products included in the broadly defined category “brokered deposits.” In addition, an andysis of the
use of one category of deposits that are considered “ brokered” —reciproca deposits—indicatesthe
absence of such aconnection to the facts. ™

Promontory Interfinancial has attached to this comment letter a study authored by Mark J.
Flannery, Ph.D., Department of Finance, Graduate School of Business Administration, University of
Florida, entitled “The Effect of Brokered (Non-Core) Liabilities on FDIC Insurance Payouts.” ™ Dr.
Flannery’s study reviews the underlying statistical analysisin the Notice, of which the most relevant
ispresented in Tables 1.3 and 1.5. Asshown in Dr. Hannery’s study, Table 1.3 isamodd of the
FDIC's Expert Judgment Rankings, in which larger numbers connote riskier banks. In thistable,
once other variables are controlled for (including the CAMELS rating), both core earnings (relative
to assets) and, more important, core deposits (relative to liabilities) show positive coefficients, with
core deposits showing significantly positive coefficients. This suggests, counterintuitively, that
heavy reliance on core depositsisa source of risk. Table 1.5isasimilar model of bank failure, using
the samelist of variables, although this model aso counts banks that received government aid as
“failures.” Once again, core deposits show a positive coefficient, suggesting that banks with more
core deposits fail more often.

Dr. Hannery dso considered the relationship between the FDIC' slosses in bank faillures on
the one hand and core or non-core liabilities on the other hand. Dr. Flannery’ s preliminary anaysis
suggests that the FDIC' s loss given default from failing banks may not depend on the composition of
their liabilities.

1See, e.g., Am. Min. Congressv. U.S. Env't Prot. Agency, 907 F.2d 1179, 1187 (D.C. Cir. 1990) (remanding part
of an agency’ sinformal rulemaking listing certain wastes as hazardous because the agency did not establish that it
had “made a reasoned decision based on ‘ reasonable extrapolations from some reliable evidence’ to ensure that the
agency has examined ‘the relevant data and articul ate[d] a satisfactory explanation for its action including a rational
connection between the facts found and the choice made.””) (internal citations omitted).

5 Among other things, Dr. Flannery served as “Resident Scholar” in the New Y ork Federal Reserve Bank Research
Department, 2009-2010, and has been the BankAmerica Eminent Scholar in Finance since 1989. He also was Co-
Director, FDIC Center for Financial Research (2003-2007), and Senior Fellow, FDIC Center for Financial Research
(2007).
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Based on the significant inconsistenciesin the FDIC' s asserted support in the Notice for the
treatment of brokered deposits, Dr. FHannery finds that the statistical models offered in the Notice are
potentialy “very mideading.” Dr. FHannery states the following conclusions.

My main conclusion from examining the FDIC’ s Proposed Rule
for Assessments and Large Bank Pricing is that the underlying
statistical analysis cannot justify the proposed policy changes.
Among other things, none of the reported statistical results
supports the proposed treatment of brokered deposits. Moreover,
the NPR failsto provide any evidence related to some important
changesin the treatment of brokered deposits for large, Risk
Category | IDIs. Assessment changes of the proposed magnitude
should be supported with more careful —and more fully-described
— statistical analysis.

Similarly, in the attached study, “ Estimated Effects of CDARS Reciproca Deposits on the
Likelihood of Bank Failure, by Alan Blinder and Arun Shastri, Promontory Interfinancia has
analyzed datawith respect to the utilization of CDARS Reciprocad Deposits, which areincluded as
“brokered” under the proposed rule. Thisanaysis showsthat the use of CDARS Reciproca
Depositsis associated with, if anything, alower risk of bank failure.

Blinder and Shastri studied statisticaly the differences between banks that use CDARS
Reciproca Deposits and banksthat do not, aswell as banksthat use CDARS Reciprocal Deposits
more and banks that use them less, in dl cases focusing on the likelihood of failure. Theandysis
focused on nine quarters from the third quarter of 2008 through the third quarter of 2010 (excluding
earlier periodsin which bank failures were minimal or non-existent). The dataanayzed were
derived from bank cdl reports, supplemented with Promontory Interfinancial data. The mgjor
findings include:

1. Banksthat use CDARS Reciprocad Deposits may |ook weaker on some of the
characteristics that previous studies have shown to predict bank failures— athough the
satistica ability to predict falureis quite modest. For example, CDARS banks have less
equity relative to assets, lower ROES, and use brokered deposits more. However,
CDARS banks a so look stronger on some other characteristics, such as having lower

operating expenses.
2. Despite these seemingly “weaker” characteristics, CDARS banks fail dightly less often

than non-CDARS banks. Inthe overdl sample, 0.41% of non-CDARS banks failed
versus only 0.37% of CDARS banks.

3. When the authors anayzed the rel ationship between CDARS usage and bank failure
quantitatively — as opposed to just quditatively asin 2. above—they find that heavier use
of CDARS Reciprocal Deposits (as a share of deposits) is associated with alower
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probability of failure. The effect isboth statistically significant and economically
meaningful.

4. The negative relationship between CDARS usage and failure is reasonably robust. It
continues to hold, though often not statistically significantly, in more complicated
multivariate models that include alarge number of other bank characteristics as satistical
controls (examples. bank size, capita, charge-offs, non-current loans, etc.) It does not
hold in every single quarter, however.

Overdl, avery conservative summary of these conclusions might be that the use of CDARS
Reciproca Deposits has either no effect or a salutary effect on the probability of bank failure.

*k*

In conclusion, we believe the treatment of “ brokered deposits’ under the proposed rule poses
sgnificant economic risks that should be carefully analyzed before the proposed rulemaking
proceedsin thisrespect. Dodd-Frank reflects the importance that Congress attached to thisissue,
mandating an FDIC study of the definitions of core deposits and brokered deposits, including with
respect to calculating deposit insurance premiums. We believe the FDIC should in deference to this
Congressiona mandate let the study run its course in order to inform this aspect of the rulemaking
under the Notice. Finaly, we respectfully submit that the proposed rule also is unsupported by the
critical analysis necessary to satisfy the requirements for an administrative rulemaking. The models
offered by the FDIC are not offered as arationae for proposed changes rel ating specificaly to
brokered deposits, do not even purport to justify the treatment of brokered deposits, and could not
provide such ajudtification because the models show just the opposite of what such arationale would
need to show.
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Thank you for your consideration of our comments. Please |et us know if you would like
additiona information.

Sincerdly,

A /
C egrec N Spaln

Eugene A. Ludwig
Chairman

Alan Blinder
Vice Chairman
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Mark Jacobsen
President and Chief Executive Officer
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This note evaluates the statistical model underlying the FDIC’s November 24, 2010
Notice of Proposed Rulemaking (Federal Register pages 72612 — 72651), which proposes new
assessment procedures intended to make FDIC insurance assessments conform more accurately
to the amount of risk taken by large (assets > $10 billion) insured depository institutions (IDIs).
This is an economically legitimate goal, and the desire to “take a more forward-looking view of
risk” is especially appropriate. While the proposed rules contain a number of positive
innovations, their treatment of brokered deposits is not supported by the statistical evidence
accompanying the NPR. In fact, the “evidence” in the Appendix to this NPR is potentially very

misleading and should not be used as the basis for government policy-making.
l. Background

The FDIC has been collecting higher insurance assessments from IDIs that rely more
extensively on brokered deposits for their funding. This goal appears to reflect two distinct

considerations.



1) The FDIC has stated its belief that brokered deposits tend to increase the FDIC’s cost
of resolving a failed bank because a bank with fewer Core Deposits has less franchise
value:

The FDIC believes that heavy reliance on secured liabilities or other types
of noncore funding reduces an IDI’s potential franchise value, thereby
increasing the FDIC’s potential loss in the event of failure. Under the
proposal, the FDIC includes a ratio of noncore funding to total liabilities as
a risk measure in the loss severity scorecard. (2010 Federal Register page
72618)
In other words, brokered deposits tend to increase the FDIC’s loss given default
(LGD).
2) The FDIC has also stated its belief that rapid fapid growth funded with brokered
deposits raises the bank’s risk and hence its probability of default (PD). This belief
led the FDIC in 2009 to add a new risk measure to its formula for computing an IDI’s

initial base assessment rate (IBAR):

A number of costly institution failures, including some recent failures, involved
rapid asset growth funded through brokered deposits. Moreover, statistical
analysis reveals a significant correlation between rapid asset growth funded by
brokered deposits and the probability of an institution’s being downgraded
from a CAMELS composite 1 or 2 rating to a CAMELS composite 3, 4 or 5
rating within a year. A significant correlation is the standard the FDIC used
when it adopted the financial ratios method in the 2006 assessments rule. (2009
Federal Register, page 9531)

The proposed assessment rules for large IDIs consider the level of an institution’s brokered
deposit funding, but not its growth rate. Accordingly, the proposed change for large IDIs
assessment rates addresses only one of these two stated concerns. In addition, the proposed
approach removes an existing provision that has permitted large, Risk Category | institutions to
use reciprocal brokered deposits without incurring an assessment increase.

The proposed formula for a large IDI’s IBAR derives from a “Score” that is the product

of two indices: *

! The exact formula linking the combined score to IBAR is given on page 72631:



a) a “Performance Score” that “measures an IDI’s financial performance and its ability
to withstand stress.” (2010 Federal Register, page 72614); and
b) a “Loss Severity Score” that “measures the relative magnitude of potential losses to
the FDIC in the event of an IDI’s failure. It is based on two measures that are most
relevant to assessing an IDI’s potential losses—a loss severity measure and a ratio of
noncore funding to total liabilities.” (2010 Federal Register, page 72618)
The product of these two scores determines a total score that in turn determines an institution’s
IBAR. This procedure is analogous to computing an estimated expected loss for each IDI as the
product of its estimated PD and estimated LGD. The components of each Score and the

institution’s total score are described in the Scorecard for Large IDIs, reproduced here:?

TABLE 1—SCORECARD FOR LARGE IDIs

V\ﬁti qunts Component
Scorecard measures component weights
(percent) (percent)
e e Performance Score
L B ceeeeeeene | Weighted Average CAMELS Rating ............ocoo oo e e 100 30
32 iiiieeeeiiieeeee e | Abillity to Withstand Asset-Related Stress: 50
Tier 1 Leverage Ratio .......cccnenniiencrnins 10
Concentration MEASUIE .......cccoeiiereiee i oieee s eveeesieinenes 35
Core Eamings/Average Quarter-End Total Assets™ ....... 20
Credit Quality Measure ... 35
23 e | Ability fo Withstand Funding-Related Stress 20
Core Deposits/Total Liabilities ... L1010
Balance Sheet Ligquidity Batio .......cooooiiiiiee e s e et e e s e e e 40 | e
Loss Severity Score
N TR B e L1 == | | 100
Potential Losses/Total Domestic Deposits (loss severity measure) ..... T3
ioncore Funding/Total Liabililies . .........oooooo e e e e e e 215 T

*Average of five guarter-end total assets (most recent and four prior quarters).

Note that brokered deposits separately affect both score components. The “Ability to Withstand
Funding-Related Stress” is positively related to the Core Deposit Ratio, and the Loss Severity
Score is negatively related to Core Deposits (through Noncore Funding, which is one minus the

Core Deposits / Total liabilities ratio).

w

Score

100

3
Rate = Minimum Rate + [1 4245 x( ) ] —0.0385 | x(Maximum Rate — Minimum Rate)

% The Scorecard for Highly Complex Institutions (page 72621) is similar, but not identical.



TOTAL BASE ASSESSMENT RATE SCHEDULE (AFTER ADJUSTMENTS)® IF, AFTER SEPTEMBER 30, 2010, THE RESERVE
RaTi0 OF THE DIF HAS NOT REACHED 1.15 PERCENT™*

_ i ) ) Large and
Risk Risk Risk Risk highly

category | category Il category Il | category IV complex

institutions
Initial base assESSMENT TAE ..o 5-9 14 23 35 5-35
Unsecured debt adjustment ... (4.5)-0 (5)-0 (5)-0 (5)-0 (5)-0
Brokered deposit adjustment ... ... 0-10 0-10 0-10 0-10
Total base assesSMeNnt rate ... 2.5-9 9-24 18-33 30-45 2.5-45

* All amounts for all risk categories are in basis points annually. Total base rates that are not the minimum or maximum rate will vary between
these rates.
** Total base assessment rates do not include the depository institution debt adjustment.

As shown in the rightmost column of the NPR’s Table on page 72643 (reproduced here),
FDIC proposes to adjust a large IDI’s IBAR in two further ways. First, the Unsecured Debt
Adjustment lowers the insurance premium (assessment) to the extent an institution has funded
itself with unsecured debt. Secured claimants can remove specific assets from the firm before
FDIC gets access to the failed IDI’s assets. This is especially important in the case of FHLB
claims against a failed bank, which are secured by specific assets plus a “super senior” claim
(senior to the FDIC’s) on other assets. Second, a large IDI’s actual insurance assessment will be
increased above its IBAR (according to formula) if its brokered deposits exceed 10% of total
liabilities. An IDI’s use of brokered deposits is the only feature that affects both its IBAR and its

final insurance assessment rate.’

1. Inconsistencies in FDIC’s Empirical Support for the Proposed Measures

The proposed method of computing each IDI’s IBAR relies on a specific set of IDI
characteristics, which FDIC believes can approximate the firm’s risk. The seven variables’
detailed definitions are provided on pages 72647-8 of the Federal Register, but can be

summarized in the following table.

® The NPR proposes that a Brokered Deposit Adjustment be applied to all large banks, while Risk

Category | small banks are exempted. | return to this aspect of the proposal in Section 1V below.



Bank Characteristic Interpretation

Weighted Average CAMELS A higher CAMELS score (e.g. 2 instead of 1) indicates a
lower-quality bank.

_ ) This is the ratio of Tier 1 Capital to on-book total assets. A
Tier 1 Leverage Ratio higher value indicates that the bank is better able to
withstand credit or other losses.

Concentration Measure Extent of risky or problem loans in the portfolio.

realized gains/losses on asset sales.

Credit Quality Measure Extent of examiner-criticized or nonperforming loans in the
portfolio.

“Sum of demand deposits, NOW accounts, MMDA, other
Core Deposits / Total Liabilities | Savings deposits, CDs under $250,000 less insured brokered
deposits under $250,000 divided by total liabilities.” (page
72648)

Balance Sheet Liquidity Ratio Liquid assets divided by a proxy for liquidity needs.

Referring back to the Scorecard, we see that all seven of these variables are combined into the
Performance Score. The Core Deposits ratio affects the Loss Severity Score (in the form of
Noncore Funding, which is defined as one minus the Core Funding ratio).

The FDIC’s NPR asserts that it has relied on statistical analysis in formulating the
proposed measurement of an IDI’s performance and loss severity scores. As noted on page
72617, the selected seven “ratios are significant in predicting a large IDI’s long-term
performance.” The underlying analysis is described in an Appendix on pages 72624 — 72631, of
which the most relevant information is presented in Tables 1.3 and 1.5. These Tables report
regression and logit estimation results that allegedly provide logical support for the use of the
seven IDI features in setting its insurance assessment. The implication is that a variable can be
used to determine base insurance assessments if it is statistically related to an institution’s risk or
failure probability.

The seven chosen characteristics are first used to explain FDIC experts’ assessments
(ranks) of large IDIs at year-end 2009. The Expert Judgment Rankings assign the number 1 to
the lowest-risk IDI and a high number (approximately 450) to the IDI that experts considered



most risky at the end of 2009.* A separate regression was run using data from each yearend
between 2005 and 2008, to predict the 2009 risk ranking. Results are reported in Table 1.3,

which is reproduced here. The estimated coefficients on the CAMELS, Concentration, and

Credit Quality measures have appropriate, statistically significant signs: in each case, a higher

value for the variable raises a bank’s risk ranking, as they should.

Table 1.3
OLS Regression Results: Proposed Measures
Dependent Variable = Expert Judgment Ranking as of Year-end 2009
Scorecard Measures 2005 2006 2007 2008
Weighted Average CAMELS 0.60 *** (.54 *%* ()54 ®Fk ()42 F¥*
(0.13) (0.13) (0.12) (0.08)
Tier 1 Leverage Ratio 16Ty 014 % - 006 0.04
(0.04) (0.04) (0.04) (0.03)
Concentration Measure 0.39 *** (.38 *** (40 ***x (.25 ***
(0.04) (0.04) (0.04) (0.03)
Core Earnings / Average Assets 0.06 0.13 #*¥% (2] *¥*x (20 ***
(0.05) (0.05) (0.04) (0.03)
Credit Quality Measure 0.15 ** 0.19 *** (.29 *** ()35 ***
(0.06) (0.05) (0.04) (0.04)
Core Deposits / Total Liabilities 34 ** 028 gl 020
(0.04) (0.04) (0.03) (0.03)
Balance Sheet Liquidity Ratio gi2%e a2t Q] ver . 004
(0.04) (0.04) (0.04) (0.03)
No. Obs 450 452 452 447
Adjust. R2 0.46 0.47 0.56 0.67

Note: Standard error in parenthesis

* Significant at the 10% level ** Sienificant at the 5% Level *** Significant at the 1% Level

(Highlighting not in the original; added by author.)

However, three of the other four variables’ estimated coefficients (which | have

highlighted in the table) are quite obviously problematic. If greater reliance on Core Deposits

* This ranking could not be determined from reading the NPR, but was explained to me in a telephone

conversation with an FDIC staff member (December 29, 2010, 11:35 am.).




tends to make a bank safer, as FDIC asserts, the coefficient on Core Deposits should be negative.
Yet this coefficient is significantly positive in all four years, implying that a greater reliance on
NON-core liability sources (brokered deposits, secured liabilities, uninsured deposits, etc.)
makes the bank safer. This result completely contradicts the use to which the Core Deposits
ratio has been put in the NPR. Instead of raising a bank’s assessment if it has low Core
Deposits, this result suggests lowering its assessment. This result may indicate that the
underlying regression is mis-specified. Further evidence of possible mis-specification is
provided by the incorrectly signed coefficients on Tier | Leverage and the Balance Sheet
Liquidity Ratio. According to Table 1.3, each of these variables tends to increase bank risk. But
higher capital and liquidity are uniformly considered good for bank stability!” When a regression
model yields so many “wrong” coefficient signs, it indicates that some important variable has
probably been omitted from the regression. The resulting estimated coefficients are very likely
unreliable and should not be used in making important public policy decisions. | provide some
examples of this sensitivity in the following Section.

In summary, the evidence in Table 1.3 is very likely to be misleading and should not be
used to set new policies.

The other statistical results in the NPR’s Appendix are presented in Table 1.5, which
reports coefficients for a logit model predicting which IDIs will encounter serious problems.
This logit model clearly corresponds to the “PD” component of FDIC’s loss exposure, and

therefore seems relevant to the Scorecard’s Performance Score.

®> The appropriate sign for Core Earnings is theoretically ambiguous: higher earnings could indicate a
more profitable — and therefore safer — bank, or one that is earning higher profits because it is taking
higher risks.



Table 1.5
Logistic Regression Results
Dependent Variable (1 = Failed; 0= Not failed)
Scorecard Measures 2005 2006 2007 2008
Weighted Average CAMELS 0.04 ** 0.06 *** (.07 *** 0.05 ***
(0.02) (0.02) (0.02) (0.01)
Tier 1 Leverage Ratio 0.03 *** 0.04 *** 0.03 *** 0.03 ***
(0.01) (0.01) (0.01) (0.01)
Concentration Measure 0.08 *** (.10 *** ()15 **=* 0.03 ***
(0.02) (0.02) (0.04) (0.01)
Core Earnings / Average Assets 0.01 0.00 0.00 0.02 **
(0.01) (0.01) (0.01) (0.01)
Credit Quality Measure -0.01 0.00 0.02 *** 0.03 **
(0.01) (0.01) (0.01) (0.01)
Core Deposits / Total Liabilities 0.03 *** (.04 *** (.03 *** 0.04 ***
(0.01) (0.01) (0.01) (0.01)
Balance Sheet Liquidity Ratio 0.00 0.01 0.00 0.00
(0.01) (0.01) (0.01) (0.01)
No. Obs 644 614 566 527
-2 Log Likelihood 286.62 264.23 247.94 207.90

Note: Standard error in parenthesis
* Significant at the 10% level ** Significant at the 5% Level *** Significant at the 1% Level

Taking the results in Table 1.5 at face value, it is hard to agree that they support the use
of the seven bank features that FDIC proposes to use for setting IDIs” IBARs. Some of the
explanatory variables carry appropriate signs: the positive effects of CAMELS, Concentration,
and (only in the last two sample years) Credit Quality. However, two important variables carry
inappropriate signs. As in Table 1.3, the positive coefficient on Core Deposits is inconsistent
with FDIC’s expressed preference for Core Deposit funding. The coefficient indicates that banks
relying more on core deposits are more likely to fail. This implies that banks with high Core
Deposit ratios should be charged higher assessments. The coefficient on Core Deposits does not
necessarily mean that brokered deposits make banks less likely to fail, but the result is consistent

with that hypothesis. Table 1.5 also indicates that higher Tier 1 capital raises the probability of



failure. If this Tier 1 variable measures real, economic capital, it must logically be inversely
related to an IDI’s probability of failure.°

As for Table 1.3, the statistical results in Table 1.5 may reflect a mis-specified regression.
They surely do not support the role of Core Deposits proposed for computing large IDIs’

insurance assessments. "8

I11.  The Main Conceptual Problem with the NPR’s Statistical Model

The regressions reported in Tables 1.3 and 1.5 suffer from a general specification
problem: when studying a firm’s balance sheet, a change in one component necessitates a
change in some other component. Hence the regression coefficients provided by FDIC must be
interpreted in terms of the rest of the balance sheet. Consider a hypothetical firm with the
following balance sheet:

Assets Liabilities
Cash Insured deposits
Corporate bonds Uninsured deposits
Loans Secured liabilities
Equity (capital)

® As in Table 1.3, the appropriate coefficient on Core Earnings could theoretically have either sign. Its
positive coefficient in 2008 suggests that higher earnings are accompanied by higher risk, although no
variable in the regression captures that risk. In a properly specified regression, a risk would leave the
Core Earnings free to have a positive coefficient, since higher earnings make bank safer, other things (like
risk) the same.

" The Scorecard for Highly Complex Institutions (Table 11 in the NPR, page 72621) includes an
additional firm characteristic, “Average Short-Term Funding / Average Total Assets”. | could find no
statistical evidence supporting the impact of this variable on failure rates or Expert Judgment risk
assessments.

& Another cause for concern about the validity of the model in Table 1.5 comes from its definition of
“failed” firms. The definition of a serious problem includes failure OR the need for government support.
(Unfortunately, the statistical appendix does not explain how support was measured, or how many firms
were so affected.) On one hand, this logit model has a better-specified dependent variable than the Expert
Ranking regressions. But on the other hand, one might question whether the dependent variable should
categorize outright failures as being equivalent to firms that took Federal support but may not have failed
without it. Such a mixing could cause biased coefficient estimates in assessing the impact of FDIC’s
seven ratios of interest on future DIF payoults.
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Suppose we wish to determine the impact of Secured liabilities on this firm’s risk by regressing
an Expert Risk Rank on secured liabilities alone. The resulting coefficient cannot be clearly
interpreted. The impact of higher Secured liabilities depends on what other component of the
balance sheet adjusts in response to this change. Is the change in Secured liabilities reflected in
an offsetting change in insured deposits? In Uninsured deposits? Does equity fall? Do assets
rise, and if so which one(s)? Without including all the other balance sheet components in a
regression of the sort presented in Table 1.3 or 1.5, we cannot get a statistical answer to the
question how an increase in the included variable affects the firm’s overall profits or risk. In
short, the regressions in Tables 1.3 and 1.5 are incomplete and cannot provide evidence on the
questions FDIC wishes to address in its proposed rule.

It would be ideal to demonstrate the relevance of this statistical issue in the context of the
NPR’s Table 1.3 or Table 1.5, but this is infeasible. Table 1.3 is based on FDIC Expert Risk
Rankings, which are (presumably) confidential. The probit results in Table 1.5 utilize a “failure”
definition that includes Federal assistance and | cannot re-create that variable with any
confidence. Therefore, | have constructed a data set based on 325 commercial bank and thrift
failures since the start of 2007, as identified on the FDIC’s web site. 1 linked the estimated
losses on these failures to balance sheet data from the Call Reports and Thrift Financial Reports.
The results are presented in Table 1.

The first column of Table 1 regresses estimated insurance losses on Core Deposits alone,
yielding an insignificantly negative coefficient and a negative Adjusted R? statistic. The second
column’s sole explanatory variable is Noncore Liabilities, and similarly yields completely
insignificant results. Combining the two liability components into the same regression
substantially changes the coefficient estimates, while leaving the overall relationship statistically
insignificant. These three regressions are incomplete, in that they omit relevant variables. Only
when we incorporate the entire liability structure, in column (4), do the estimated results become
economically more reasonable. The difference between the regression in Column (4) and those
in Columns (1) — (3) is that (4) includes in the regression all liability components. Because the
regression in (4) controls for other liabilities, a change in (say) Core Deposits implies an equal
change in one or more asset categories. While the regressions in column (1) — (3) permit a bank
to get bigger or to reduce other liability items when one liability increases, there is no clear effect
of a change in one liability category.
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The final column adds three asset categories into the regression, current loans, noncurrent
loans, and OREO. | have excluded one balance sheet category (all other assets, including cash
and securities) in order to avoid perfect collinearity among the explanatory variables’ sums. The
interpretation of each coefficient is now the impact on FDIC losses of a shift from the associated
asset or liability into the omitted category. For example, the estimated coefficient on Core
Deposits now measures the effect of adding a similar proportion of total assets to Core Deposits
and to “All Other Assets.” This effect is smaller than in column (4), where the proper
interpretation of the coefficient on Core Deposits is the effect of losses on an increase in Core
Deposits that is used to fund higher assets of an unspecified sort. Since the “All Other Assets”
category appears to be safer than the typical asset, the impact of an increase in Core Deposits is
smaller in column (5) than in column (4).

Note that the coefficients on Core Deposits and Noncore Liabilities in Table 1 are very
similar to one another. Taken literally, this would indicate that FDIC’s LGD does not depend on
the composition of liabilities. However, | do not offer these regressions as the best basis for
setting IDI assessments, but only to illustrate the impact of mis-specified regressions on the

policy implications one might draw.

IV.  Other Questions about the Logic of the Proposed Rule:

In addition to the quality of statistical support for the assignment of higher assessments to
IDIs using more brokered deposits, the logic of the proposed assessment calculations is based on

other questionable or unjustified assumptions.

Use of Risk Rankings. It is not clear what can be inferred from regressions explaining

these Expert Risk Rankings with variables that are commonly believed (within the FDIC) to
proxy for risk. For example, if the Expert Rankings are based exclusively on the seven
explanatory variables, a good statistical fit would demonstrate only that FDIC staff have a
consistent view of what constitutes a risky IDIs. Second, the explained variable is a risk ranking,
not the firm’s risk level. Although risk levels and risk Rankings are likely to be correlated, the
firm’s PD depends on level. A regression that explains the risk ranking will not necessarily

explain the IDIs’ risk levels. Accordingly, it is questionable whether a correlation between IDI
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features and the Expert Judgment Rankings can support the use of these features in setting
insurance assessments.

Differential Treatment of Brokered Deposits for Large, Risk Category 1 IDI. In contrast

with existing assessment procedures, the NPR treats large Risk Category | institutions differently
from small ones:

(8) Brokered Deposit Adjustment. All small institutions in Risk Categories I, 111,
and IV, all large institutions, and all highly complex institutions shall be subject
to an assessment rate adjustment for brokered deposits. (2010 Federal Register,
page 72642).

Likewise, the NPR would treat brokered deposit balances differently at large and small IDlIs.
Yet the NPR provides no justification for either change. Is there evidence that the effects of

brokered deposits differ betweenlarge and small Category | IDIs? Changed Treatment of Certain

Reciprocal Deposits. A further change for the large, Risk Category | IDIs concerns certain types

of reciprocal deposits that are presently excluded from the definition of brokered deposits:

The brokered deposit adjustment includes all brokered deposits as defined in
Section 29 of the Federal Deposit Insurance Act (12 U.S.C. 1831f), and 12 CFR
337.6, including reciprocal deposits as defined in § 327.8(p) (2010 Federal
Register, page 72642, emphasis added).

This treatment reverses the FDIC’s reasoning when it set the existing assessment rules in early
2009. At that time, the FDIC agreed that certain types of reciprocal deposits differed

qualitatively from other brokered deposits:

The FDIC is persuaded that reciprocal deposits like those described in the
comment letters should not be included in the adjusted brokered deposit ratio
applicable to institutions in Risk Category I. (However, as discussed below,
reciprocal deposits will be included in the brokered deposits adjustment
applicable to institutions in Risk Categories II, Il and 1VV.) The FDIC recognizes
that reciprocal deposits may be a more stable source of funding for healthy banks
than other types of brokered deposits and that they may not be as readily used to
fund rapid asset growth. (2009 Federal Register, page 9532).

It seems incumbent upon FDIC to explain their rationale for this changed treatment, along with
relevant evidence.

Source of the “Component Weights’” in Performance and Loss Severity Scores. The NPR

carefully connects the Scorecard “Weights within component” (Table 1) to empirical results

from their regression models. However, the “Component weights”, which might be equally
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important in assessing IDIs, are not supported with any statistical evidence. Neither are the
weights in the final column of Table 4 derived from any statistical evidence.

Multiplicative Effect of Brokered Deposits on IBAR. | noted above that the Large Bank
Scorecard includes brokered deposits in both its Performance Score and its Loss Severity Score.
Since the product of these two scores determines an IDI’s IBAR, IBAR rises with the square of
Noncore Liabilities. This nonlinear dependence is not addressed at all in the statistical evidence,
yet this effect could be quite large. Because even a small change in brokered deposits (for
example) raises the assessment fee due on the entire assessment base, this feature of the proposal

can easily make the marginal cost of brokered deposits extremely large.

V. Conclusions

My main conclusion from examining the FDIC’s Proposed Rule for Assessments and
Large Bank Pricing is that the underlying statistical analysis cannot justify the proposed policy
changes. Among other things, none of the reported statistical results supports the proposed
treatment of brokered deposits. Moreover, the NPR fails to provide any evidence related to some
important changes in the treatment of brokered deposits for large, Risk Category | IDIs.
Assessment changes of the proposed magnitude should be supported with more careful — and

more fully-described -- statistical analysis.
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Table 1: The Effect of Regression Specification on Estimated Coefficients

The dependent variable is the FDIC’s estimated loss on each failure, expressed as a proportion of total
assets. Explanatory variables come from the Call Report or Thrift Financial Report closest to one year
preceding the failure date. T-statistics are reported in parentheses beneath the estimated coefficients.

1) (2) 3) 4) ()
Core Deposits / TA  -0.019 -0.301 0.198*** A11*
(-0.50) (-0.91) (5.55) (1.68)
Noncore Liabilities / TA 0.014 -0.288 0.199***  0.127**
(0.36) (-0.85) (5.20) (2.06)
T1 Leverage Ratio 0.011*** .010**
(2.81) (2.28)
Current Total Loans/ TA 0.063
(0.77)
Non-Current Loans / TA 0.417***
(2.63)
OREO/TA 0.498
(1.54)

Intercept  0.27***  0.26%**  0.54*
(20.19)  (10.21)  (L1.73)

Number of observations 325 325 325 325 325
Adjusted R*  -0.002 -0.003 -0.001 0.829 0.838
F 0.25 0.13 0.53 531.78 288.40

note: *** p<0.01, ** p<0.05, * p<0.1
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ESTIMATED EFFECTS OF CDARS RECIPROCAL DEPOSITS ON
THE LIKELIHOOD OF BANK FAILURE

Alan Blinder and Arun Shastri*
Promontory Interfinancial Network

January 3, 2011

INTRODUCTION AND SUMMARY OF FINDINGS

The purpose of this paper is to describe the findings of a statistical analysis of the effect of reciprocal
deposits placed through the CDARS Reciprocal service (“CDARS Reciprocal Deposits”) on the
likelihood of bank failure. Now that there is some historical experience with bank failures in an
environment in which CDARS Reciprocal Deposits exist, this is possible for the first time.

We study the relationship between CDARS Reciprocal Deposits and standard measures of bank
performance. We also construct models to predict failure of a bank based on a number of commonly-used
financial measures plus the use of CDARS Reciprocal Deposits. Our analysis shows that while greater
use of certain kinds of brokered deposits appears to increase the risk of failure, greater use of CDARS
Reciprocal Deposits probably decreases it.

l. DATA

In this study, we used data from several sources, including the FDIC's website, as well as Promontory
data. Use of the FDIC's Statistics on Depository Institutions database allowed for the collection of
quarterly, bank-specific data points dating from the March 31, 2005 call report (henceforth, 2005:Q1)
through the September 30, 2010 call report (2010:Q3). But our primary focus is on data from 2008:Q3
forward, since there were so few bank failures prior to that. Banks chartered after January 1, 2005 were
excluded on the grounds that de novo banks are a special case.

We identified quarter-end outstanding balances of CDARS Reciprocal Deposits during the same time
periods. The FDIC's list of failed institutions identified the population of failed banks each quarter over
this period. Its press releases on specific bank failures provided all bank statistics as of the time of
failure--the lone exception being outstanding CDARS Reciprocal Deposits.

In addition to failure of an institution, the study considered several financial measures as being important
in understanding bank risks. These include rates of return on both assets and equity, several different
capital ratios, measures of loan quality (charge-offs and non-current loans), ratios of loans to assets (both
in total and for specific lending categories), and operating expenses, among others. In “cleaning” the
dataset, any observations with non-positive or completely illogical values (e.g., loans greater than assets)
were excluded.

' We are deeply indebted to Thomas Zuzelo for superb research assistance.
> CDARS Reciprocal Deposits began in January 2003. The FDIC reports one bank failure in 2003, four in 2004, none
in either 2005 or 2006, and three in 2007.



A list of all the variables used in our analyses can be found in Appendix B. But many of these variables
do not appear in the body of the paper. They were used, instead, in numerous variants of the analysis that
are not reported here. In general, the qualitative results about CDARS Reciprocal Deposits and bank
failure were robust to dozens of different choices of which variables to include and which to exclude. The
statistical reason is simple: Apart from some obvious exceptions (e.g., different ways to measure bank
capital), the variables have very little correlation with one another.

. CHARACTERISTICS OF BANKS THAT USE CDARS RECIPROCAL DEPOSITS

The analyses proceeded in stages. First we compared the mean values of key ratios across banks that use
CDARS Reciprocal Deposits versus banks that do not, without regard for the amount of CDARS deposits
used. Then we treated the ratio of CDARS Reciprocal Deposits to total deposits (where it was not zero)

as a continuous quantitative variable.

Simple Comparisons of Means:

In Table 1 below, “No CDARS Reciprocal Deposits” banks are those with no outstanding CDARS
Reciprocal deposits as of the date of the call report. Thus, this group includes both inactive members of
the Promontory Network and banks that do not belong to the Network. Since the precise numbers differ
by quarters, we show data for the third quarter of each year.

Table 1
Mean Values
3Q 2008 3Q 2009 3Q 2010
CDARS No CDARS CDARS No CDARS CDARS No CDARS
Reciprocal | Reciprocal | Reciprocal | Reciprocal | Reciprocal | Reciprocal
Deposits Deposits Deposits Deposits Deposits Deposits
pctFailed 0.07% 0.12% 0.49% 0.52% 0.27% 0.36%
pctCDARS 3.90% 4.09% 3.45%
pctBrokered 6.64% 3.82% 5.52% 3.28% 3.85% 2.62%
pctFHLB 10.67% 8.38% 9.00% 6.94% 7.53% 5.71%
EquityAssets 9.79% 11.71% 9.68% 11.70% 9.94% 11.77%
TierlCap 11.86% 19.38% 11.90% 22.10% 12.80% 24.81%
Chargeoffs 3.58% 3.30% 8.48% 6.33% 8.40% 4.98%
ROA 0.40% 0.72% -0.11% 0.37% 0.26% 0.60%
ROE 4.72% 5.74% -2.03% 1.18% 0.46% 3.98%
OpExpAssets 2.30% 2.67% 2.40% 2.77% 2.33% 2.71%
LA 74.62% 65.85% 72.04% 63.44% 69.19% 61.44%
CommTotal 15.05% 13.18% 14.47% 12.39% 14.12% 12.20%
Insider 2.03% 2.01% 1.95% 1.98% 1.87% 1.99%
CRELoans 28.52% 20.27% 30.16% 20.67% 31.25% 21.68%
Noncurrent 1.99% 1.84% 3.49% 2.74% 3.67% 2.89%
Leverage 9.27 11.39 8.94 11.13 9.13 11.14
InAssets 19.66 18.78 19.74 18.75 19.80 18.78




A brief summary of the differences is:

Bank failures: In each period, failure rates were lower for banks holding CDARS Reciprocal Deposits.
(On average, banks with non-zero CDARS balances held 3-4% of their deposits in CDARS.) Averaged
over all nine quarters, the difference in quarterly failure rates was 0.41% for non-CDARS banks versus
0.37 for CDARS banks.

Brokered deposits and FHLB advances: Banks with CDARS Reciprocal Balances also held more of other
deposits classified as “brokered” and more FHLB advances.®

Capital: Banks with CDARS Reciprocal Deposits had both a lower ratio of total equity to assets and a
lower ratio of Tier 1 capital to risk-weighted assets than banks that did not.

Net Charge-offs to Loans: During this stressful period, banks with CDARS Reciprocal Deposits
experienced greater ratios of Net Charge-offs to Loans than banks without.

Return on Assets (ROA) and Return on Equity (ROE): Banks that had CDARS Reciprocal Deposits
experienced lower returns on assets and equity.

Operating expenses to Total Assets: Banks with CDARS Reciprocal Deposits had lower operating
expenses to total assets ratio.

Loans to Assets: Banks with CDARS Reciprocal Deposits had higher ratios of loans to assets than banks
that did not.

Types of loans: Banks with CDARS Reciprocal Deposits made relatively more commercial loans and
commercial real estate loans. Insider loans were roughly equal across the two types of banks. CDARS
banks had somewhat higher non-current loans.

Leverage: CDARS banks had substantially lower leverage ratios, as defined in the call reports.

Size: CDARS banks were, on average, somewhat larger than non-CDARS banks in this sample.*

I1l.  ESTIMATING THE EFFECT OF CDARS RECIPROCAL DEPOSITS ON THE LIKELIHOOD
OF FAILURE

We estimate how the likelihood of an institution’s failure depends on its usage of CDARS Reciprocal
Deposits in several ways. Each method tells approximately the same story, though with different levels of
statistical sophistication.

Raw data:
The bar chart in Figure 1 breaks down all the observations over all nine quarters into groups. The two

leftmost bars divide banks into two groups, as in Table 1. The average quarterly failure rate within the
non-CDARS group was 0.41%, versus only 0.37% within the CDARS group—as just noted. The

* For purposes of this study, we define “brokered deposits” by subtracting CDARS Reciprocal Balances from call
report data on brokered deposits.
4 Historically, the relative sizes of CDARS banks versus non-CDARS banks has varied from period to period.
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remaining five bars in Figure 1 divide CDARS users into quintiles defined by their volume of CDARS
use as a share of total deposits.> With one minor exception (going from the fourth quintile to the top
quintile), the rate of bank failure decreased as CDARS usage increased. This pattern, which involves
nothing more complicated than counting, will show through in the more sophisticated statistical
procedures to follow. We present it here to show that the negative association between CDARS usage and
failure is apparent in the raw data. It is not a by-product of any of our statistical procedures.

FIGURE 1
Bank failure rates (in percent), by usage of CDARS Reciprocal Deposits
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Univariate probit models

The next three tables are a series of simple one-variable probit models in which the dependent variable is
1 if the bank failed in the quarter, and O if it did not. They are estimated over all nine quarters spanning
2008:Q3 through 2010:Q3, and thus have over 68,000 observations. Each probit model in Tables 2-4
includes just one independent variable: either the percent of deposits that are CDARS Reciprocal Deposits
(pctCDARS), or the percent of deposits in conventional brokered deposits (pctBrokered), or the percent of
deposits represented by FHLB advances (pctFHLB). Thus these three models are analogous to simple
regressions of a dummy variable for bank failure on a single variable--except that the probit model is
highly nonlinear.

The differences across the three probit models are notable. Other things equal, holding more CDARS is
associated with a lower incidence of failure, as would be expected from Figure 1. The estimated effect is
both highly significant (p value = 0.005) and economically meaningful. Because probit models are highly
nonlinear, the regression coefficients are difficult to interpret. A little calculation reveals that the
regression coefficient of about -3.5 in Table 2 implies that a 1% increase in the share of CDARS in total
deposits reduces the probability of failure by about 0.04% per quarter—e.g., from about 0.40% to about
0.36%.

By contrast, holding more FHLB advances is associated with a higher incidence of failure. In addition,
we examined the effect of holding more deposits classified as “brokered” that are not CDARS Reciprocal

> The five quintiles are defined by CDARS as a percentage of deposits as follows: 0-0.6%, 0.6-1.5%, 1.5-3.1%, 3.1-
6.2%, and above 6.2%. Thus only banks in the top quintile were substantial users of CDARS.
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Deposits. The “brokered” category includes a variety of different deposit types with different
characteristics, some of which are stable but some of which are not. Although more precise results would
require data for different deposit types within the “brokered” category, we had available only data for the
overall “brokered” category (exclusive of CDARS Reciprocal Deposits). Taking the category of non-
CDARS Reciprocal “brokered” deposits as a whole, holding more of such deposits is associated with a
higher incidence of failure.® Interestingly, the estimated negative effect of CDARS Reciprocal Deposits
on failure in Table 2 is almost three times as large as the estimated positive effect of other “brokered”
deposits on failure in Table 3. These estimates suggest that replacing either FHLB advances or volatile
deposits within the “brokered” category with CDARS Reciprocal Deposits on a dollar-for-dollar basis
would reduce a bank’s vulnerability to failure.

Table 2
Univariate Probit using CDARS Reciprocal Deposits

GEE populotion-averaged model Mumber of obs = B68158
Group variable: BankId Number of groups = 7BRR
Link: probit Obs per group: min = 1
Family: binomial avg = 8.6
Correlation: exchangeable max = 9
Waold chi2(l) = 7.87

Scale parameter: 1 Frob > chiZd = a.0856
FailedD Coef. Std. Err. z F=lzl [85% Conf. Interval]
pctCDARS -3.53365 1.259514 -2.81 @.0e5 -6.002253 -1.065047
_COons -2.62759 821183 -124.84 ©.000 -2.669168 -2.580072

® It does not follow, however, that all types of deposit within the broad “brokered” category are associated with
higher failure risk. In fact, broker-dealer sweep deposits under contracts with terms of a year or more and
automatic renewal provisions may provide levels of stability comparable to those of CDARS Reciprocal Deposits.
Because the FDIC does not report separate data for such sweep deposits, however, it was not possible to offer a
more precise analysis that separately accounted for such deposits.
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Table 3
Univariate Probit using “Brokered” Deposits, excluding CDARS Reciprocal

GEE population-averaged model Mumber of obs = 681508
Group variable: BankId Number of groups = 7BR8
Link: probit Obs per group: min = 1
Family: binomial avg = B.b
Correlation: exchangeable max = 9
Wald chiz(1) =  183.09
5cdle parameter: 1 Frob = chiZ = @, Dboo
FailedD Coef. Std. Err. z F=lzl [85% Conf. Interval]
pctBrokered 1.333207 .BO85288 13,53 ©0.000 1. 140694 1.52632
_CONS -2.742376 .B2288 -119.86 0.000 -2.78722 -2.697532

Table 4

Univariate Probit using FHLB Advances

GEE population-averaged model Mumber of obs = 67681
Group variable: BankId Number of groups = 7836
Link: probit Obs per group: min = 1
Family: binomial avg = B.6
Correlation: exchangeable max = 9
Wald chiz(l) = 9,46

5cale parameter: 1 Frob = chiZ = 0.0821
FailedD Coef, Std. Err. z F=lzl [B5% Conf. Interwvall
pctFHLE . 2316083 .B7530834 3.88 0.082 .B8400883 .3791923
_Cons -2.666693 .021456 -124.79 0.000 -2.708746 -2.62404

Multivariate probit models:

While these univariate findings are interesting, Table 1 makes it clear that “other things” are not equal
when comparing CDARS and non-CDARS banks. The two groups differ in many respects that are
potentially relevant to bank failure, such as profitability, capital, credit quality, etc.. So a multivariate
analysis of bank failure is imperative.

We tried dozens of variants, defined by which characteristics of banks were included and which were
excluded—including many variables not shown in Table 1 (see Appendix B). Our main results, which are
displayed in Table 5 below and in nine separate tables in Appendix A, use the variables listed in Table 1
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except for Tier 1 capital and leverage. These two alternative measures of bank capital were omitted
because each bank’s capital position is already captured by the variable EquityAssets (equity divided by
assets). In fact, the Equity, Tier 1, and Leverage variables are all highly correlated. The basic results are
not sensitive to the precise measure of bank capital that is used.

Since there were no bank failures in 2006, only three in 2007, and only four during the first half of 2008,
data starting in 2008:Q3 were utilized for the analysis. We estimated nine separate probit models, one for
each quarterly call report, and all the results are reported in Appendix A.

The estimated model is not stable over time; results differ substantially by quarter. This instability is
hardly surprising since bank failures are so rare—even in this troubled period only about 0.4% of banks
failed each quarter, while 99.6% did not. When failure is so rare, idiosyncratic results by quarter are to be
expected. So, as a kind of summary result, Table 5 below provides a probit model estimated over a pooled
dataset covering all nine quarters. But for more detail, the reader is invited to inspect the quarter-by-
quarter results in Appendix A.

Table 5
Multivariate Probit Model, 2008:Q3 through 2010:Q3

GEE population-averaged model Number of cohs = 59791
Group variable: BankId Number of groups = 7743
Link: probit Obs per group: min = 1
Family: binomial avg = 7.7
Correlation: exchangeable max = B
Wald chiz(14) = 932,73

Scale parameter: 1 Prob > chi2 = 0.0000
FailedD Coef, Std. Err. z F=lzl [85% Conf. Interval]

pctCDARS -4.0838161 2.168485 -1.87 @.862 -8.272634 .1963111
pctBrokered .B959177 238715 2.92 0.004 L 2280448 1.163791
pctFHLE -. 3470654 L1952774 -8.24 8.310 -. 4298621 .3356714
EquityAssets -31.95326 1.657543 -19.28 0.000 -35.208199 -28.70454
Chargeoffs .B86279  ,@272184 3.17 @.ea2 .B32932 .139626
ROA -. 8243655 .BE97675 -2.49 8.113 -. 8435095 -.Bas2216

ROE .0Ppe184  7.73e-06 2.39 @.e17 3.2%9e-06 . DBBa336
OpExpAssets -6.198591 2.876945 -2,98 0.003 -10.26933 -2.127855
LA LB481379 2949207 0.16 ©.8370 -, 5798961 .B261718

CommTotal -.2841117 4184508 -9.69 @.489 -1.08858 5203577
Insider -4,734244 2,161543 -2.19 0.829 -8.978791  -.4976967
CRELoans LATRZ7E4 2385272 1.59 #.113 -.BE92161 LBASTTZ9

Moncurrent LB293873 0040144 7.32 8.
lhAssets LB228775 .B298634 a.77 @,
_CONns -1.872812  .6413884 -1.67 @.

1.5 5] 8215192 .B372555
At -.@356537 .D814087
094 -2.329753 .1841293

In this multivariate model, having more CDARS Reciprocal Deposits once again reduces the probability
of bank failure, although its statistical significance is now marginal (p value =0.06). Strikingly, the
estimated coefficient of pctCDARS (-4.0) is quite similar to the estimated coefficient in the univariate
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model shown in Table 2 (which was -3.5), even though we are now controlling for 13 other bank
characteristics.

Since the effect of CDARS Reciprocal Deposits on bank failure is our primary interest, it is worth
summarizing briefly the coefficients on pctCDARS in the nine quarterly models reported in Appendix A.
Heavier use of CDARS reciprocal deposits is estimated to reduce the probability of failure significantly in
2010:Q1. It is estimated to reduce the probability of failure, though not statistically significantly, in five
other quarters: 2008:Q4, 2009:Q1, 2009:Q2, 2010:2, and 2010:3. And it is estimated to increase the
probability of failure, though never statistically significantly, in three quarters: 2008:Q3, 2009:Q3, and
2009:Q4.

Perusing the other significant coefficients in Table 5, having more traditional brokered deposits increases
the probability of failure (p value =0.004), but having more FHLB advances no longer matters (p value =
0.81). Banks with more capital relative to assets, lower operating expenses, and more loans to insiders
have a lower risk of failure. At least the first two of these are highly intuitive. Banks with more charge-
offs, more non-current loans, and higher rates of return on equity run a higher risk of failure. Again, the
first two of these are intuitive; the last seems counterintuitive, although higher rates of return may indicate
higher risk-taking.”

None of the other variables are significant in Table 5. In particular, neither asset size nor the ratio of loans
to assets matter.

IV.  CONCLUSIONS

We studied statistically the differences between banks that use CDARS Reciprocal Deposits and banks
that do not, as well as banks that use CDARS Reciprocal Deposits more versus banks that use CDARS
Reciprocal Deposits less--focusing in all cases on the likelihood of failure. The main periods studied were
the nine quarters spanning 2008:Q3 through 2010:Q3 (which is the last quarter available). Among the
major findings are:

1. Banks that use CDARS Reciprocal Deposits may look weaker on some of the characteristics that
previous studies have shown to predict bank failures--although the statistical ability to predict
failure is quite modest. For example, CDARS banks have less equity relative to assets, lower
ROEs, and use brokered deposits more. However, CDARS banks also look stronger on some
other characteristics, such as having lower operating expenses. (See Table 1.)

2. Despite these seemingly “weaker” characteristics, CDARS banks fail slightly less often than
non-CDARS banks. In the overall sample, 0.41% of non-CDARS banks failed versus only
0.37% of CDARS banks.

3. When we analyze the relationship between CDARS usage and bank failure quantitatively—as
opposed to just qualitatively as in Finding 2 above—we find that heavier use of CDARS
Reciprocal Deposits (as a share of deposits) is associated with a lower probability of failure. The
effect is both statistically significant and economically meaningful. (See Figure 1 and Table 2.)

4. The negative relationship between CDARS usage and failure is reasonably robust. It continues to
hold, though often not statistically significantly, in more complicated multivariate models that
include a large number of other bank characteristics as statistical controls (examples: bank size,
capital, charge-offs, non-current loans, etc.) It does not hold in every single quarter, however.
(See Table 5 and Appendix A.)

7 Surprisingly, ROA and ROE are not highly correlated in the sample (p=+0.05).
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Overall, a very conservative summary of these conclusions might be that the use of CDARS Reciprocal
Deposits has either no effect or a salutary effect on the probability of bank failure. One major reason, we
believe, is that CDARS deposits are very sticky. Figure 2 below is a graph of the CDARS reinvestment
rate over the period studied in this paper.

Figure 2

CDARS Reinvestment Rate During and After the Financial Crisis
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In addition to displaying such high reinvestment rates, CDARS Reciprocal Deposits also originate from
local customers. Currently, 85% of all placements of CDARS Reciprocal Deposits are made by
customers that reside within 25 miles of a branch location of their relationship institution. In just the past
two years, this percentage has increased from 80% to 85%.



Appendix A: Multivariate probits by quarter

This appendix provides the estimated multivariate probit models for individual quarters ranging from
2008:Q3 through 2010:Q3.

2008 third quarter

Probit regression Number of obs 7809
Wald chiZ(14) 158.51
Prob > chi2 = 0.0000

Log pseudolikelihood = -29.558034 Pseudo RZ = 0.5771
Robust

FailedD Coef, Std. Err. z P=l1zl [95% Conf. Interval]

pctCDARS -.9352515 4.409742 -8.21 @.832 -9.578188 7.707685

pctBrokered 1.10308  .7594436 1.45 0.146 -. 3854024 2.591562

pctFHLEB -1.262384 1.253983 -1.801 8.314 -3,720145 1,195377
EquityAssets -15.43984 9.149991 -1.69 @.e92 -33.37269 2.494617
Chargeoffs 1.641023  2.744067 8.60 0.550 -3.737249  7.019295
ROA .0@54006  .D483564 2.11 9.911 -.B893761 .1001774

RDE -.0@92161  .2@54478 -1.69 0.991 -.0198936 .0014614
OpExpAssets -3.895925 3.957@54 -B.78 0.434 -10.85161 4,659759
LA 3.891055 1.455086 2.67 0.007 1.939139 6.742971

CommTotal -3.642606 2.117643 -1.72 ©.085 -7.79311 .5B78987
Insider -5.376795  12.56721 -8.43 9.669 -30.008087 19,25448
CRELoans 4803984 . B229578 @.58 ©8.559 -1,132569 2.093366
Noncurrent .0562631  .0156474 3.60 0.000 .0255948 .B869315
1nAssets . 0845451 .176851 8.23 0.979 -.3420764 .3511667
_cons -5.060693 3.812807 -1.33 0.184 -12.53366 2.412272
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2008 fourth guarter

Probit regression Number of obs = 7726
Wald chi2(14) = 168.69
Prob > chi2 = 2. 0000
Log pseudolikelihood = -51.4680822 Pseudo R2 - 0.6300
Robust
FailedD Coef. Std. Err. z P>zl [95% Conf. Interval]
pctCDARS -4,529806 3.480418 -1.30 ©.1%4 -11.36306 2.303448
pctBrokered .9504684 6037901 1.57 @.115 -.2329385 2.133875
pctFHLE . 2249949 231462 8.97 8.331 -.2286622 .678652
EquityAssets -29.67718 6.64166 -4.47 0,000 -42.69459 -16.65976
Chargeoffs -.1789053 4.661739 -0.04 0.969 -9.315746  8.957935
ROA -. 0942737 .852211 -1,81 @.871 - .1966054 .D@BA579
ROE -.0019772  .2032638 -8.51 @.609 -, 295582 .B@55958
OpExpAssets -16.46754 6.471308 -2.54 0.e11 -29,15107 -3.784012
LA 1.547634 .B31863 1.89 @.059 - . B@568515 3.152119
CommTotal .2281689  .9@7339%9 8.25 @.801 -1.550185 2.006523
Insider -5.17825 6.165936 -9.84 0.401 -17.26326 6.906763
CRELoans 6498422 . BEO94025 0.75 ©.455 -1.054155 2.35384
Noncurrent .B454792  .01@5221 4.32 ©.000 .B248562 8661022
lnAssets -.1763009 .@917578 -1.92 0.855 -.3561428 .B035411
_cons 1.366361 2.825746 6.67 @.500 -2.604029 5.336751

11



2009 first quarter

Probit regression Number of obs = 7664
Wald chi2(14) = 143.00
Prob > chi2 = 0.0000
Log pseudolikelihood = -56.629049 Pseudo R2 = 0.6091
Robust
FailedD Coef. Std. Err. z P=lzl [95% Conf. Interval)
pctCDARS -3.156847 5.03464 -2.63 @.531 -13.02376 6.711667
pctBrokered 2.100547  .3766204 5.58 0.000 1.362385 2.838709
pctFHLB -.1456208  .2551849 -8.57 @.568 -.b45774 .3545324
EquityAssets -38.4521 5.859518 -6.56  0.000 -49,93655 -26.96766
Chargeoffs 5.16617 9.883793 8.52 9.601 =14, 20571 2453885
RDA .0350417  .@260632 1.34  8.179 -.0168412 .B861246
ROE -.D00a74e . 00DA44E -1.66 0.0% -.BBd1625 . D02a133
OpExpAssets -4,628991 9.721859 -9.48 0.634 -23.68339 14,42559
LA 1.413845 9785356 1.44 0.148 - . 5048493 3.33174
CommTotal 4890084  1.831446 8.47 9.835 -1,532589 2.510685
Insider -.3748357 5.189963 -0.87 0.942 -10. 54698 9,797305
CRELocans .751447 7259238 1.84 8.301 -.6713374 2.174231
Noncurrent .0369133  .@133572 2.76 0.006 .0187336 . 063093
lnkssets -.0201862  .@656337 -9.31 @.759 -. 1487458 . 1085334
_cons -1.517378  1.586514 -0.9%6 0.339 -4,626888 1.592132
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2009 second quarter

Probit regression Number of obs = 7606
Wald chiz2{14) = 196.73
Prob = chiZ = 0.0000
Log pseudolikelihood = -95.729814 Pseudo RZ = 0.6652
Robust
FailedD Coef. Std. Err. z P=lzl [95% Conf. Interval]
pctCDARS -4,188911 4.018136 -1.84 0.297 -12.06431 3.686492
pctBrokered -.2508999 5668553 -0.44 ©@.658 -1.361916 .8601161
pctFHLE -1.328409  .3492738 -1.56 @.118 -2.992955 .3361371
EquityAssets -18,.59875 4.841366 -3.84 ©.00Q -28.08765 -9.109842
Chargeoffs 9.636827 4.25574 2.26 0.924 1.294931 17.97712
ROA -.10281 .@276511 -3.72 ©0.00Q -. 1578851 -.0486149
ROE .0900351 6.55e-06 5.35 ©.00Q .D0az22 . DODB47TI
OpExpAssets -1.441199 §.E06084 -8.16 ©.870 -18.70@81 15.81841
LA -. 7783819 .5262648 -1.48 @.139 -1.8@9842 2530783
CommTotal -3.019557 1.387673 -2.31 @.821 -5,582549 - . 456565
Insider 2.454321  3.929256 8.62 @.532 -5,246879 1@.15552
CRELoans .7771285 .5259158 1.48 ©.139 -.2536474 1.307904
Noncurrent .B233851 .@@89%4@5 2.62 ©0.009 .B@58619 . B409082
lnAssets .1257741 .851036 2.46 0.014 8257454 2258028
_Cons -3.399312 1.198915 -2.84 0.0ee5 -5.749143  -1,049482
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2009 third quarter

Probit regression Number of obs = 7516
Wald chi2(14) = 197.27
Prob > chi2 = 0. 0000
Log pseudolikelihood = -87.980221 Pseudo R2 = 8.63%9
Robust
FailedD Coef. Std. Err. z P=lzl [95% Conf. Interwval]
pctCDARS .3564636  2.962466 8.12 9.9e4 -5.449862 6.16279
pctBrokered .8094031  .7634557 1.6 @.289 - .6860426 2.305749
pctFHLE .1293674  .2455019 8.53 ©.598 -.3518@75 .6185424
EquityAssets -39.69468 5.588224 -7.16 ©0.0ee -50.6474  -28.74197
Chargeoffs .2529584  6.310157 2.e4 ©0.968 -12,11473 12.62063
ROA -.0426793  .0602393 -0.71  0.479 -.16@7461 .@753875
ROE - .00a5a54 002617 -9.82 0.413 -.0017148 . 0Da7e4
OpExpAssets -5.693568 7.397365 -0.77  0.441 -20.19214 8.805001
LA -.3225251  .6854475 -0.47 ©.638 -1.665977 1.02e927
CommTotal -5.882091 1.891314 -3.11 @.eez -9.588999 -2.175183
Insider -11.17994  6.636251 -1.68 0.092 -24 18675 1.826878
CRELoans 1.637166  .4307798 3.80 0.000 . 7928528 2.481479
Noncurrent -.014297  .0155208 -8.92 0.357 -.0447173 .0161233
lnAssets .1067336  .0847639 1.26 0.208 - . 0594005 2728677
_Cons -1.585184 1.870606 -2.80 0.421 -5.171424 2.161216
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2009 fourth quarter

Probit regression Number of obs = 743b
Wald chi2(14) = 164.11
Prob > chi2 0.0000
Log pseudolikelihood = -77.438783 Pseudo RZ = 0.6519
Robust
FailedD Coef. Std. Err. z P=lzl [95% Conf. Interval]
pctCDARS 2522001 2.62003 0.10 ©9.923 -4 ,882965 5.387365
pctBrokered -1.58169  .B697882 -1.82 @.8e9 -3. 2806444 .1238635
pctFHLE -.175701  .9@54982 -9.19 0.846 -1.950445 1.599043
EquityAssets -35.8144 5.4186259 -6.61 ©.00e -46.43472  -25.19408
Chargeoffs 8.130127  3.463909 2.35 0.019 1.34099 14.91926
ROA -.0165802 .B662218 -9.25 0.882 -.1463725 .1132122
ROE .000D437 0003278 9.13 ©.8% - . 00B5989 . DODBBE2
OpExpAssets -12.11897 8.926638 -1.36 0.175 -29.61485 5.376923
LA .1283074  1.189923 9.11 ©9.914 -2.2083898 2.460513
CommTotal 1.678933 .689702 2.43 0.9015 .3271415 3.030724
Insider .4539869 5.123268 0.09 0.929 -9.587433 10.49541
CRELoans -.9724345  .6955083 -1.48 0.162 -2.33559 .390721
Noncurrent .8161335 .81569 1.03 0.384 -.0146184 .B468854
lnAssets .B481632  .0723399 @.67 ©0.586 -.0936285 - 1899469
_cons -1.293453 2.196888 -8.59 0.556 -5.599275 3.012368
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2010 first quarter

Probit regression Number of obs = 7369

Wald chi2(14) = B7.73

Prob > chi2 = 0. 0000

Log pseudolikelihcod = -41.931177 Pseudo R2 = @.8442
Robust

FailedD Coef, Std. Err. z P=1zl [95% Conf. Interval]

pctCDARS -67.89986 24.15913 -2.81 @.005 -115.2509 -20.54884
pctBrokered 1.523616 1.090861 1.49 -.6144327 3.661665
pctFHLB 2815609  .4497645 6.26 1.934087 3.697132
EquityAssets -87.54962 13.81729 -6.34 -114.631 -60.46823

L~ -~
o
("]

Chargeoffs -18.54058 10.1056 -1.83 oe7 -38.34719 1.266025
RODA -.0102343  .@353622 -9.29 772 -.879543 8590743
ROE -.0005392 .0002828 -1.91 857 -, 0910935 . 0020151

OpExpAssets 8.920579 45.85593 .19
LA 6.345034 1.854012 3.42
CommTotal 3.75301 2.333242 1.61
Insider -19.33164 11.01752 -1.75

3

-80.95539  98.79654

2.711238  9.978831
-. 8200592 8.32608
-49.92559  2.262307

[-~]
0o =

PP PISIIPPD
See
3

CRELoans 3.755624 9700358 3.87 0o 1.854388 5.656859
Noncurrent .0470449 0233867 2.01 Ba4 .0012078 .B928821
1nAssets 4364264  .1319542 3.31 01 177801 .6950518
~cons -14.3299 3.24994 -4,41 00 -20.69967 -7.960135
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2010 second quarter

Probit regressicon Number of obs = 7270
Wald chi2(14) = 81.04
Prob > chiZ = 0. 0000
Log pseudolikelihood = -51.259396 Pseudo R2 = B.7889
Robust
FailedD Coef. S5td. Err. z P=lzl [95% Conf. Interwal]
pctCDARS -12.8391 19.45774 -1.,15 @.250 -32.5359 8.457706
pctBrokered -2.798883 1.657558 -1.39 9.165 -5.547558 . 9499514
pctFHLE 1.413761 1.429151 8.99 0.323 -1.387324 4,214847
EquityAssets -77.23018 16,7834 -4.60 0.000 -118.125  -44.33532
Chargeoffs 7.406734  9.755437 8.76 B.448 -11,71357 26.52704
ROA 2425164  .B859796 2.82 0.085 8739996 .4110333
ROE - . 086996 .BB36637 -1.91 @.856 -.01417638 . 0Da1848
OpExpAssets -7.985332 10.95685 -8.72 0.471 -29.38636 13,5697
LA 3.626456 1.655494 2.19 0.828 .3817471 6.871165
CommTotal -1.512269 2.@54178 -8.74  0.462 -5.538385 2.513847
Insider -7.132254 7.18449 -8.99 0.321 -21.21359 ©.949087
CRELoans 1.336857 .B248633 1.61 0.107 -.2858773 2.945191
Noncurrent .8136916  .@212932 @.64 0.520 -.0288423 .B554255
lnAssets -.1841697  .1374871 -1.34 ©@.188 -.4534827 .B851432
_CONS 2.19768 2.636677 8.83 0.405 -2.978112 7.365472
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2010 third quarter

Probit regression Number of obs = 7204
Wald chi2(14) = 261.69
Prob > chi2 = 0.0000
Log pseudolikelihocod = -48.439853 Pseudo R2 = 8.7183
Robust
FailedD Coef. Std. Err. z P=lzl [95% Conf. Interval]
pctCDARS -103.1897 46.63545 -2.21 @.e27 -194,5935 -11,78591
pctBrokered -.3158715 1.191637 -8.27 @.791 -2,651437 2.019695
pctFHLB 4925333 3278081 1.23 @.219 -.2399587 1.045025
EquityAssets -19.12984 9.634158 -1.98 0.e47 -37.99245 -.2272413
Chargeoffs -6.146998 9.560393 -8.64 0.520 -24 88502 12.59103
ROA .2480576  .DB10285 3.06 @.e02 .0892447 4068706
ROE -.0229697  .0B59896 -3.83 ©.o000 -.034709 -.0112383
OpExphAssets -13.54753 6.179613 -2,19 ©@.028 -25,65935 -1.435716
LA -1.639656  .9944881 -1.65 @.099 -3,588817 . 3895853
CommTotal -.0842195 1.129501 -0.07 @.941 -2.298 2.129561
Insider -3.563834 5.591472 -0.64 @.524 -14,52292 7.395249
CRELoans -2.165275 1.42551 -1.52 0.129 -4.959224 6286731
Noncurrent .8293859  .0196028 1.5 ©.134 -. 0090348 .BETE066
lnAssets 8763186 .0462048 1.65 @.e99 -.0142412 . 1668784
_cons -1.483889 1.962835 -p.76 ©9.45@ -5.330974 2.363196
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Appendix B

Assets:
- Total Assets
- Other Real Estate Owned (OREO)
Liabilities:
- Total Liabilities
- Volatile Liabilities
Lending:
- Total Loans
- Net Loans
- Commercial & Industrial Loans
- Commercial Real Estate
- Insider Loans
- Non-current Loans
- Net Charge-offs
Deposits:
- Total Deposits
- Brokered Deposits
- CDARS Reciprocal Deposits
- FHLB Advances
Capital:
- Total Equity
Income/Expense:
- Net Income

- Operating Expense
- Total Interest Expense
- Cost of Funding Earning Assets

Bank Demographics:
- BankID

- Call Report Date
- CDARS Member Flag
- Established Date
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Performance Ratios:

Return on Assets (ROA)

Return on Equity (ROE)

Efficiency Ratio

Total Risk-based Capital Ratio

Tier 1 Risk-based Capital Ratio

Core Capital (Leverage) Ratio
Equity Capital : Assets

Net Operating Income : Assets
Non-current Assets + OREQ : Assets
Volatile Liabilities : Total Liabilities
Non-current Loans : Loans

Net Charge-offs : Loans

Net Loans : Total Deposits

Net Loans : Core Deposits

Bank Failure Data Points:

Failed Flag

Failure Date

CDARS Member Flag

CDARS Issued at Failure
CDARS % of Assets

Asset Size at Failure

Total Deposits at Failure
Brokered Deposits at Failure
Brokered Deposits % of Assets
Non-performing Assets : Assets
Leverage Capital : Assets

Total Capital : Assets

Tier 1 Capital : Assets

ROA

Disposition of Bank

Premium

Disposition of Brokered Deposits
Estimated Cost
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